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developments allow for more efficient analysis of complex
behaviors while minimizing human error. Machine learning
uses computer algorithms to identify patterns in data with Figure 2. Chart displaying criteria used for determining best fit program . Within a sex, variation in confidence could be in part
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new possibilities for studying animal behavior. Aim 2: Data Accu racy the talil, likely because of variation in position and clarity.

blurry In frames. Females tend to sit relatively still,
making them easier to assign points to.

We Investigated the ability of machine learning software to Methods: . Our next steps will be to assess the extent to which
accurat_ely Cll_lahtlfy complgx behavior through: » We extracted 150 automated frames from a manakin display involving a female and multiple males. labeling additional frames improves accuracy and apply

1) |de_nF|fy|ng a best fit program for_our model » We identified and labeled 24 body parts across frames and used these frames to created a training this protocol to novel videos.
2) training the program and analyzing results to dataset that the algorithm used to predict points.
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2007) Figure 3. Box plots comparing program’s confidence in identifying body part clusters by sex. N is the
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* Body regions displayed significantly different levels of confidence within males (Kruskal-Wallis X2(5)=
518.67, p < 0.0001) and within females (Kruskal-Wallis X2(5)= 212.96, p < 0.0001).
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